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Image detection technology for paving uniformity of cement stabilized macadam

ZHU Jiajian', CHEN Yanxin*, RONG Xin?, LIU Honghai*, QI Jinlin'
(1. Gansu Road and Bridge Third Highway Engineering Co. , Ltd. , Lanzhou 730030, China; 2. Key Laboratory of Road Construction
Technology and Equipment of Ministry of Education, Chang”an University, Xi’an 710064, China)

Abstract: In response to the fact that the uniformity detection of cement stabilized base paving con-
struction mainly relies on manual visual inspection, which has problems such as low detection accuracy
and subjective results, image processing technology is used for paving uniformity detection. A deep
learning based image segmentation method for cement stabilized macadam particles is established,
which separates the various grades of aggregates in the image and combines the quadrilateral static
moment theory to detect the uniformity of coarse aggregate paving construction in the image. The de-
tection results indicate that this method can effectively segment the image of cement stabilized macad-
am base paving, objectively detect the uniformity of aggregate distribution based on image data, and
provide a basis for evaluating the uniformity of cement stabilized base paving construction.
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