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Prediction of air quality index based on functional expectile regression forest model

CHEN Huiqi,

LING Nengxiang

(School of Mathematics, Hefei University of Technology, Hefei 230601, China)

Abstract:; In this paper, the air quality in Hefei City from 2015 to 2022 was analyzed by combining

functional data analysis(FDA) and expectile regression forest(ERF) model, and the air quality index

(AQD was predicted based on functional ERF model. It is found that most of the actual values fall
within the prediction interval, indicating that the AQI of Hefei City is well predicted by ERF model,

which exhibits the advantages of FDA with random forest model.
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