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A civil aviation unplanned event analysis method
combined with Word2vec and BiLSTM

WANG Jie!, ZHOU Di', ZUO Hongfu', HUANG Wei*
(1. College of Civil Aviation, Nanjing University of Aeronautics and Astronautics, Nanjing 211106, China; 2. Chengdu Spaceon Electron-
ics Co. , Ltd. , Chengdu 611731, China)

Abstract : Safety is the core theme of the civil aviation industry. Aiming at the problem that the analy-
sis of civil aviation unplanned events heavily depends on expert experience and the low analysis effi-
ciency, a civil aviation unplanned event analysis method is proposed, which combines Word2vec and
bidirectional long short-term memory(BilLSTM) neural network model. Firstly, Word2vec is used to
train word vectors for event text corpus, reducing the dimension of the space vector, Then, the fea-
tures are automatically extracted by BiILSTM model to obtain the complete sequence information and
context feature vector of the event text. Finally, the softmax function is used to classify civil aviation
unplanned events. The experimental results show that the proposed method has better classification
effect and can achieve better accuracy and I, value, and also has more stable classification performance
for unbalanced data samples, which proves the applicability and effectiveness of this method in the a-
nalysis of civil aviation unplanned events.
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