% 46 % % 9 M Afe Tl K F IR Ca KA FE R Vol. 46 No. 9
2023 %9 A JOURNAL OF HEFEI UNIVERSITY OF TECHNOLOGY (NATURAL SCIENCE)  Sept, 2023

DOI:10. 3969/j. issn. 1003-5060. 2023. 09. 015

I 71 R % I 24 7 3 0 6 B 5

KT, FHE
e TR 2ARSAGE2ERE. ) 4 )M 510641)

W OE L SCEERBULAR TN —A 65 km® {1 B BIFSE X 3K i3 P AR T LA 1Y) 6 D248 25 (point of in-
terest, POD I -3t B FIVR & BERCHE 405 65 I 24 20T S 500t o g e 5 il 1Y) 249 4 28 O 1) A P o PR 38 4 e o
Tt s B INAL 015 (geographically and temporally weighted regression, GTWR) #5 H4 i) [’ 28] 75 0 37 52 i) 45
BLBERAERSMAERRZMIMNER, LT E /N (ordinary least squares, OLS) 75 FIHbEL I
AL (geographically weighted regression, GWR) BT, 5 F] GTWR A5 51 il T 47t g BE 3% 1l G B 455 IR %)
00 24 2 35 30 PR I o 5 5 43 R Rl Tl e PR 5 TR 38 P e 2 e s el . R R A R AR 2 R i -
ZIAPI RS oS wl Al EARR S5 500 LW AR BE B 25 o0 A AN 38467 5 + MR R & BE IR Sl N2 219 &
AT AR R R AL . BRSR A R AT M IS B IR S

KGR WG RO IR B AR 5 ) s S B 5 s M BN AR ] 5 (GTWR) AR Y

R E S ES U491 TEARERD A N EHE:1003-5060(2023)09-1247-07

Influence of urban built environment on online car-hailing passenger flow

GENG Xuelin, XU Lunhui

(School of Civil Engineering and Transportation, South China University of Technology, Guangzhou 510641, China)

Abstract: In this paper, the 65 km® area of Chengdu City is selected as the research area, and six kinds
of points of interest(POI) and land use mix data representing the urban built environment are used to
construct a set of built environment factors affecting online car-hailing passenger flow combined with
online car-hailing orders data. Then, the geographically and temporally weighted regression(GTWR)
model is built to explore the relationship between various factors and online car-hailing passenger
flow. Compared with traditional ordinary least squares(OLS) and geographically weighted regression
(GWR) models, GTWR model can better explain the influence of urban built environment factors on
online car-hailing passenger flow. It can also quantitatively analyze and explain the spatiotemporal
heterogeneity of urban built environment factors. The results show that online car-hailing passenger
flow is mainly affected by shopping service, corporate business, and catering service, and the influ-
ence degree is not evenly distributed in time and space. Land use mix will inhibit online car-hailing
travel, but the degree of inhibition is weak. The results can provide reference for the operation and
management of online car-hailing.
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