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Estimation of nonparametric quantile regression model

for functional data with censored response at random

YANG Jintao,

LING Nengxiang

(School of Mathematics, Hefei University of Technology, Hefei 230601, China)

Abstract: In this paper, the nonparametric quantile regression model is presented to characterize the

association between censored survival time and a set of functional predictors when response variables

are censored at random, and estimates of nonparametric functions are obtained by minimizing the in-

verse probability weighted quantile loss function. Under some mild conditions, the asymptotic nor-

mality of the estimates is given. Simulation studies further verify the validity of the proposed model.

Key words: functional data analysis(FDA); quantile regression; censoring at random; inverse proba-

bility weighting; asymptotic normal
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