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Generation algorithm of skeletal motion data for humanoid character animation

WANG Lei, LI Shujie, XIE Wenjun, JIA Wei

(School of Computer Science and Information Engineering, Hefei University of Technology. Hefei 230601, China)

Abstract; In order to reduce the cost of obtaining skeletal motion data matching a given humanoid char-
acter and improve the reusability of the skeletal motion data, this paper proposes an algorithm for
generating skeletal motion data using only a few types of motion capture data to obtain multiple types
of humanoid characters. The algorithm trains an autoencoder using a small amount of motion capture
data, and then obtains skeletal motion data for many different humanoid characters by iterative solving
in the latent space generated by autoencoder. The results of experiments on the Adobe Mixamo data-
base show that the algorithm proposed in the paper has better performance and can effectively generate
various types of skeletal motion data. It can be used as a method to expand the skeletal motion data-
base and reduce the cost of movies, animations, games and other fields.
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